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Temporal Dependencies: Ideal for tasks where context and
order matter, like language processing.

Memory: Maintain a hidden state to utilize past inputs for
current predictions.

Versatility: Applicable to speech recognition, language
translation, sentiment analysis, etc.

Sequential Data Handling: Process sequences of varying
lengths flexibly.

Q)mplex Pattern Recognition: Capture long-term/
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dependencies and complex patterns in data.
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Conclusion:
Recurrent Neural Networks (RNNs) are powerful for processing sequential data and capturing temporal dependencies, with
applications in NLP, time series, and audio processing. Advancements like GRUs, LSTMs, and Transformer models enhance their
\_capabilities, driving innovation in complex sequen&related probleng and expanding possibilities in machine learning.
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